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ABSTRACT: This study explores the integration of artificial 
intelligence (AI) in adaptive learning within higher education, 
focusing on its effectiveness, challenges, and strategic 
implementation. The objective is to assess how AI-driven 
technologies—such as machine learning, natural language 
processing, and learning analytics—support personalized 
education and improve student outcomes. The methodology 
involved a narrative review of peer-reviewed literature sourced 
from Scopus, PubMed, and Google Scholar, using a targeted 
Boolean search strategy and strict inclusion criteria. Studies were 
selected based on their empirical focus, educational context, and 
relevance to AI-enabled adaptive learning. The findings reveal that 
AI technologies significantly enhance student engagement and 
academic performance by tailoring content delivery, monitoring 
progress, and enabling real-time feedback. However, institutional 
readiness varies greatly between developed and developing 
countries. While well-resourced institutions have successfully 
embedded AI into their pedagogical systems, many universities in 
Southeast Asia struggle with limited infrastructure, faculty 
preparedness, and policy support. Systemic barriers—such as lack 
of funding, inadequate infrastructure, and insufficient training—
emerge as critical challenges. To overcome these barriers, the 
study suggests coordinated policy efforts, investment in digital 
infrastructure, faculty training, and inclusive design approaches. 
Future research should address the long-term impacts of AI in 
education and ethical considerations related to data use. These 
efforts are essential to ensure equitable, effective, and sustainable 

AI adoption that can transform higher education globally. 
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INTRODUCTION 

The integration of Artificial Intelligence (AI) in adaptive learning systems has emerged as a 

transformative paradigm in higher education, reshaping traditional pedagogical approaches and 

promising personalized, data-driven instruction. In recent years, the urgency to explore AI-driven 

educational strategies has intensified both globally and in Indonesia, as institutions strive to meet 

the diverse needs of learners and enhance learning outcomes. The global education sector has 
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witnessed a marked increase in the deployment of AI tools aimed at customizing student 

experiences, streamlining content delivery, and improving academic performance. This trend has 

been reinforced by the growing demand for flexibility, scalability, and efficiency in education, 

particularly in the wake of global disruptions such as the COVID-19 pandemic. Academic 

discourse increasingly reflects this shift, with researchers and policymakers recognizing AI as a 

crucial driver of educational innovation and equity (Lagouri, 2022; Chojnowski, 2019). 

Over the past decade, applications of AI in higher education have expanded rapidly, encompassing 

intelligent tutoring systems, automated assessment tools, data-driven course recommendation 

engines, and real-time learning analytics. These advancements have enabled institutions to offer 

learning experiences that are responsive to individual student profiles, thereby fostering 

engagement and promoting deeper understanding. While the precise market valuation of AI in 

education remains underexplored in scholarly literature, industry forecasts project that the global 

AI education market may reach USD 6 billion by 2025. Although such estimates require careful 

validation, they signal the growing investment and confidence in AI-powered education. In 

Indonesia, despite slower adoption compared to developed countries, there has been a notable rise 

in exploratory initiatives and policy support aimed at integrating AI in tertiary education. 

Universities are increasingly experimenting with smart learning systems that dynamically adapt 

instructional content based on real-time student performance, resulting in positive impacts on 

learner motivation and achievement. 

Evidence suggests that AI-enabled adaptive learning holds great promise for addressing 

educational challenges in resource-constrained contexts. A growing number of Indonesian 

institutions are collaborating with research centers and technology companies to develop 

customized learning solutions that align with local pedagogical needs. These efforts are particularly 

relevant given Indonesia's unique demographic and geographical diversity, which necessitates 

flexible and scalable educational technologies. The strategic deployment of AI in learning 

environments can bridge existing gaps in instructional quality and access, particularly for students 

in underrepresented and remote regions. Thus, AI is not merely an efficiency tool but a potential 

equalizer in achieving inclusive and high-quality education. 

Despite its potential, the implementation of AI-based adaptive learning in higher education faces 

several critical challenges. First, infrastructural inadequacies pose a significant barrier. Many 

institutions in Indonesia and similar developing countries struggle with limited internet 

connectivity, insufficient hardware, and fragmented data management systems (Lagouri, 2022). 

These constraints hinder the effective functioning of AI applications, which rely heavily on large-

scale data processing and seamless integration. Second, the lack of skilled human resources—

specifically faculty and staff proficient in AI technologies—further limits the utility of these 

systems (Chojnowski, 2019; Appelt, 2024). Educators may resist or underutilize these technologies 

due to unfamiliarity, lack of training, or concerns about pedagogical displacement. Third, ethical 

concerns regarding student data privacy and cybersecurity present substantial hurdles. AI 

applications often involve the collection and analysis of sensitive personal information, raising 

questions about consent, surveillance, and data governance (Wang, 2022). 
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From an institutional standpoint, these barriers necessitate a comprehensive strategy that 

combines technological investment with capacity-building initiatives. This includes not only 

upgrading digital infrastructure but also embedding digital literacy and AI competency within 

teacher training programs. Furthermore, robust data governance frameworks are essential to 

protect student privacy and maintain trust in AI systems. These considerations are particularly 

pressing in light of the increasing reliance on AI to support autonomous learning, formative 

assessment, and academic advising. 

The current literature reveals several gaps that underscore the need for systematic investigation 

into AI-supported adaptive learning. A considerable portion of existing research emphasizes 

algorithmic development and theoretical models, with limited attention to empirical studies 

assessing classroom-level implementation and pedagogical impact (Depta et al., 2021). This 

disconnect hampers our understanding of how AI influences student learning in real-world 

educational settings. Moreover, there is a dearth of studies examining the contextual factors that 

mediate the effectiveness of AI interventions, such as cultural diversity, institutional policies, and 

learning preferences (Klimchitskaya, 2021). Another critical gap pertains to the issue of educational 

equity. Most research does not sufficiently address how AI technologies can be equitably accessed 

and utilized by marginalized or underserved populations, thereby overlooking their role in 

promoting inclusive education (Kasoar et al., 2023). 

This review aims to explore the implementation and effectiveness of AI in supporting adaptive 

learning in higher education, with a particular focus on personalizing instruction to accommodate 

diverse learner needs. By synthesizing empirical and conceptual studies, this article examines how 

AI technologies are employed to tailor pedagogical content, monitor learning trajectories, and 

adjust instructional strategies in real time. It also investigates the extent to which these technologies 

contribute to student motivation, engagement, and academic success. Central to this inquiry is an 

analysis of the enabling and constraining factors that shape the deployment of AI in educational 

contexts, including infrastructural readiness, faculty capacity, policy environments, and ethical 

considerations (Lagouri, 2022; Chojnowski, 2019). 

The geographical scope of this review encompasses Southeast Asia, with a particular emphasis on 

Indonesia, Malaysia, and Thailand—countries characterized by rapidly evolving higher education 

systems and growing interest in educational technology. These nations face similar challenges 

related to digital infrastructure, teacher preparedness, and policy alignment, making them valuable 

case studies for understanding the dynamics of AI integration in diverse contexts. By focusing on 

this regional cluster, the review captures variations in AI adoption and highlights best practices 

that may inform broader policy and pedagogical reforms. Furthermore, examining localized 

implementations allows for nuanced insights into how cultural, economic, and political factors 

influence the design and success of AI-powered learning interventions (Appelt, 2024; Wang, 2022). 

There is growing consensus among scholars that focused investigations into AI-driven adaptive 

learning can yield meaningful contributions to educational research and practice. By addressing 

existing literature gaps and contextualizing findings within Southeast Asian higher education, this 

review seeks to generate actionable knowledge that informs institutional decision-making and 

policy development. In doing so, it contributes to the broader goal of enhancing the quality, equity, 

https://journal.idscipub.com/jftii


From Promise to Practice: Systemic Factors Influencing AI Adoption in Higher Education 
Henukh, Khuzaima, Ilmianih 

 

59 | Jurnal Fisika Terapan dan Inovasi Indonesia                                    https://journal.idscipub.com/jftii  

and resilience of higher education through responsible and innovative use of AI technologies 

(Depta et al., 2021; Klimchitskaya, 2021; Kasoar et al., 2023). 

 

METHOD 

This review employed a structured literature analysis methodology to synthesize existing research 

on the implementation and impact of artificial intelligence (AI) in adaptive learning systems within 

higher education(Kerimoglu Yildiz et al., 2025; Meinlschmidt et al., 2025). The methodological 

approach involved several interconnected stages including literature identification, keyword 

formulation, screening procedures, and selection based on well-defined inclusion and exclusion 

criteria. The goal was to ensure both the comprehensiveness and relevance of selected studies in 

capturing the contemporary landscape of AI-driven personalized education. 

The primary sources of literature were reputable scientific databases recognized for indexing high-

quality peer-reviewed articles. Specifically, Scopus, PubMed, and Google Scholar were selected as 

the main platforms due to their extensive coverage of academic publications across 

interdisciplinary fields. Scopus was particularly useful for accessing journals on educational 

technology, computer science, and social science, whereas PubMed provided complementary 

insights for studies involving cognitive learning theories and neuroscience-informed AI 

applications. Google Scholar was employed to capture grey literature and interdisciplinary research 

that might not be fully indexed in the other two databases. The use of multiple databases increased 

the robustness of the search process and minimized the risk of publication bias. 

To guide the literature search, a set of keywords and Boolean operators were developed to capture 

the core themes of this review. The main keywords included "artificial intelligence", "adaptive 

learning", "higher education", "personalized education", and "learning outcomes". These keywords 

were then combined using Boolean operators to optimize the search query for both sensitivity and 

specificity. For instance, the following search string was frequently used: ("artificial intelligence" 

OR "AI") AND ("adaptive learning" OR "personalized education") AND ("higher education" OR 

"universities"). This combination ensured the retrieval of studies that focused not only on the 

technological aspects of AI but also on its educational applications and impacts in tertiary-level 

institutions. Furthermore, variations of keywords such as "smart learning environments", 

"intelligent tutoring systems", and "learning analytics" were occasionally included to capture 

broader yet related research perspectives (Lagouri, 2022; Chojnowski, 2019). 

The initial search yielded a considerable number of records across the selected databases. Each 

result was then subjected to a multi-step filtering process designed to ensure that only the most 

relevant and rigorous studies were included. The first step involved the elimination of duplicate 

entries across databases. This was followed by a preliminary screening of titles and abstracts to 

exclude studies that were clearly unrelated to the themes of AI, adaptive learning, or higher 

education. Only articles that specifically mentioned adaptive or personalized learning 

environments enhanced by AI technologies were considered for full-text review. 

https://journal.idscipub.com/jftii


From Promise to Practice: Systemic Factors Influencing AI Adoption in Higher Education 
Henukh, Khuzaima, Ilmianih 

 

60 | Jurnal Fisika Terapan dan Inovasi Indonesia                                    https://journal.idscipub.com/jftii  

To further refine the selection, a set of inclusion and exclusion criteria was rigorously applied. 

Inclusion criteria mandated that the article be published in a peer-reviewed journal, ensuring that 

all studies met a basic standard of scientific validity and review. The studies had to be situated 

within the context of higher education, including universities and other post-secondary 

institutions. Furthermore, the research needed to explicitly address the use of AI in adaptive 

learning systems and its implications for student learning outcomes, motivation, or instructional 

design (Appelt, 2024; Wang, 2022). Studies that employed either qualitative, quantitative, or mixed-

method designs were considered appropriate, provided they offered empirical insights into the 

application of AI technologies in educational contexts. 

Conversely, exclusion criteria were established to eliminate studies that might compromise the 

focus or quality of the review. Non-academic sources, such as magazine articles, blog posts, and 

unreviewed conference proceedings, were excluded due to the lack of peer validation. Studies that 

did not engage with the higher education sector or that addressed AI in primary or secondary 

education contexts were also disregarded. In addition, theoretical papers that lacked empirical data, 

despite offering conceptual discussions on AI and education, were excluded to prioritize research 

with demonstrated real-world applicability (Klimchitskaya, 2021; Kasoar et al., 2023). 

The final pool of articles consisted of empirical studies employing a variety of research 

methodologies, which enhanced the richness of the review. These included experimental designs 

such as randomized controlled trials that evaluated AI-based instructional tools in real classroom 

settings, quasi-experimental studies measuring pre- and post-intervention learning outcomes, and 

longitudinal case studies examining the sustained impact of AI systems on student engagement 

and performance. Also included were cross-sectional surveys that explored faculty and student 

perceptions of AI in education, as well as mixed-method studies integrating qualitative interviews 

and quantitative analytics. This diversity of methodological approaches allowed for a 

comprehensive understanding of both the technical functionality and pedagogical efficacy of AI 

in adaptive learning environments. 

In the process of full-text review, particular attention was given to how each study conceptualized 

adaptive learning and the specific role of AI within the learning environment. Studies were 

evaluated on the basis of their clarity in defining key constructs, the robustness of their data 

collection procedures, and the validity of their analytical frameworks. Articles that demonstrated 

methodological rigor, provided detailed descriptions of AI algorithms or systems used, and 

presented clear evidence of educational outcomes were prioritized. This evaluative framework 

ensured that the included studies not only aligned with the research focus but also contributed 

substantively to answering the core questions of the review. 

Throughout the methodology, efforts were made to mitigate selection bias and ensure replicability. 

The search strategy and selection criteria were documented systematically, and each article was 

reviewed by at least two researchers independently to minimize subjective interpretation. 

Discrepancies in inclusion decisions were resolved through discussion and consensus, and in cases 

of ambiguity, additional expert consultation was sought. This collaborative and transparent process 

strengthened the reliability and validity of the literature review. 
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In conclusion, this methodological approach provided a structured and reliable framework for 

synthesizing literature on AI-driven adaptive learning in higher education. By employing a 

comprehensive search strategy, well-defined inclusion and exclusion criteria, and rigorous 

screening procedures, the review ensures that the findings presented are grounded in high-quality, 

contextually relevant, and empirically supported research. The next section presents the 

synthesized results, organized thematically to reflect the major trends, challenges, and outcomes 

identified in the selected studies. 

 

RESULT AND DISCUSSION 

The review of literature reveals a nuanced landscape regarding the deployment of artificial 

intelligence (AI) technologies within adaptive learning systems in higher education(Lin et al., 2025; 

Liu & Zhu, 2025; Xie et al., 2025). The analysis of empirical and conceptual studies yields several 

thematic insights, each elucidating the mechanisms through which AI is integrated into educational 

environments, its impact on student learning outcomes and engagement, and the institutional 

challenges that influence implementation. This section is organized into three thematic sub-

sections: types of AI technologies used in adaptive learning, their impact on academic performance 

and student engagement, and the challenges institutions face in implementing such systems. Each 

sub-section draws from global and regional comparisons, highlighting disparities and contextual 

nuances that shape AI integration. 

The application of specific AI technologies in adaptive learning has grown increasingly diverse, 

with four main categories emerging as the most prevalent: machine learning (ML), natural language 

processing (NLP), recommendation systems, and learning analytics. Machine learning algorithms 

are at the core of adaptive platforms, functioning by analyzing extensive data generated from 

student interactions with learning materials. This capacity enables AI systems to detect learning 

patterns and modify instructional content in real time to accommodate individual needs, as 

documented by Lagouri (2022) and Chojnowski (2019). Such adaptive capacity is pivotal in shifting 

traditional education models toward more personalized and efficient systems. 

Natural language processing plays a complementary role by enabling the creation of virtual learning 

assistants that can interact with students through conversational interfaces. These systems, such as 

chatbots and intelligent tutors, are designed to provide clarifications and respond to inquiries in 

natural language, facilitating accessibility and responsiveness in digital learning environments 

(Appelt, 2024). NLP-based systems help demystify complex academic content, particularly in 

large-scale online learning platforms where instructor-student interaction is limited. 

Another widely adopted AI solution is the recommendation system. These tools analyze past 

student behavior, including course participation and assessment outcomes, to suggest relevant 

learning resources, courses, or activities. Wang (2022) notes that such systems contribute to more 

effective learning pathways by aligning educational content with student preferences and 

proficiency levels. When embedded within institutional learning management systems, these AI 

applications can support curriculum customization at scale. 
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Learning analytics represents the integrative use of AI to monitor student behaviors and 

performance in real time. These systems offer insights into student progress, engagement levels, 

and potential risks of dropout, allowing instructors to deliver timely and targeted feedback (Depta 

et al., 2021). When utilized effectively, learning analytics transform reactive educational 

interventions into proactive pedagogical strategies. 

The impact of these technologies, however, varies significantly across global contexts. In 

developed countries such as the United States and several European nations, the implementation 

of AI in higher education is supported by robust digital infrastructure and comprehensive 

institutional strategies. These environments have witnessed significant improvements in student 

engagement and academic performance, as the integration of AI fosters self-directed learning and 

mitigates disparities in achievement among students with diverse academic backgrounds 

(Klimchitskaya, 2021; Kasoar et al., 2023). Conversely, in developing countries like Indonesia, 

although interest in AI-driven education is growing, infrastructural and technological limitations 

often hinder effective implementation. Institutions in these contexts frequently operate with 

limited access to high-speed internet, insufficient computational resources, and minimal 

integration across digital platforms (Chojnowski, 2019). 

Nevertheless, several pioneering initiatives in Indonesia illustrate that AI can be adapted to local 

contexts despite resource constraints. Some universities have initiated the use of AI algorithms to 

personalize digital learning materials, yielding moderate improvements in student outcomes. 

However, the scope and scalability of these implementations remain limited, necessitating broader 

structural reforms and targeted investments to achieve parity with global best practices. It is clear 

that AI technologies have the potential to elevate educational quality, but their impact is deeply 

mediated by regional capacities and institutional readiness. 

The positive influence of adaptive AI systems on student academic outcomes has been 

documented in a range of empirical studies. Research indicates that students using AI-enhanced 

platforms experience improvements in average scores and comprehension levels. Although 

comprehensive meta-analyses are still emerging, individual studies suggest academic performance 

gains that are meaningful if not yet standardized. For instance, some exploratory findings highlight 

that personalized learning systems can lead to academic improvements in the range of 15-25%, 

though these figures require cautious interpretation in the absence of more systematic evidence. 

Nonetheless, the directionality of impact is consistently positive, indicating that AI-supported 

adaptive learning can enhance student understanding and retention. 

Equally important is the role of AI in fostering student engagement. Through continuous 

monitoring and personalized feedback, AI systems can adapt instructional content to align with 

individual learning styles and cognitive preferences. This capability increases the relevance of 

educational materials and motivates students to persist in their studies. The real-time analytics 

provided by such systems also allow students to visualize their own progress, contributing to a 

sense of ownership and responsibility in their learning journey. These psychological and 

pedagogical benefits collectively contribute to a more immersive and motivating educational 

experience. 

In contexts where students may lack direct access to instructor support, such as in large-enrollment 

or online courses, AI-based adaptive platforms function as virtual scaffolds that maintain 
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engagement. The capacity to automate formative assessment and provide immediate feedback 

further strengthens student learning cycles. In developing countries, where teacher-student ratios 

can be particularly high, this function of AI proves invaluable. However, successful engagement is 

conditional on the design quality of the system, the contextual relevance of the content, and the 

alignment with institutional curricula. 

Despite the evident benefits, the implementation of AI-driven adaptive learning systems is fraught 

with both technical and non-technical challenges. On the technical side, infrastructure remains a 

major barrier. Institutions in developing countries often lack the necessary hardware, reliable 

internet connectivity, and system integration capabilities required to run sophisticated AI 

applications. The disparity in technological readiness between institutions in high-income and low-

income regions reflects broader patterns of educational inequality, as underscored by Depta et al. 

(2021). 

Integration challenges also persist. Many educational platforms in use today were not originally 

designed with AI functionalities in mind. Retrofitting these platforms to accommodate AI features 

requires substantial investment in both time and resources. This includes upgrading software 

systems, ensuring interoperability, and maintaining data security standards. Such efforts are rarely 

trivial and often exceed the financial and technical capacities of underfunded institutions. 

Non-technical challenges further complicate the landscape. A recurrent issue is faculty resistance 

to adopting new technologies. This reluctance may stem from a lack of familiarity with AI, 

perceived threats to pedagogical autonomy, or skepticism regarding the efficacy of machine-driven 

instruction. Furthermore, limited professional development opportunities hinder faculty readiness 

to integrate AI into teaching practices (Chojnowski, 2019; Appelt, 2024). Without targeted training 

and institutional support, even the most advanced AI systems may fail to achieve their intended 

educational outcomes. 

Privacy and ethical concerns also loom large in discussions of AI implementation. Adaptive 

learning systems often rely on extensive data collection, including personal and behavioral data, 

which raises issues of data governance, consent, and cybersecurity. In the absence of clear 

regulatory frameworks, institutions risk breaching student privacy, undermining trust, and facing 

legal liabilities. Wang (2022) emphasizes the importance of establishing robust data protection 

policies and ensuring transparency in AI system operations. 

Global comparisons reveal that institutional readiness significantly shapes the outcomes of AI 

implementation in higher education. In North America and Europe, well-resourced universities 

benefit from established digital infrastructures, research partnerships, and favorable policy 

environments that facilitate the seamless adoption of AI tools. These conditions enable institutions 

to integrate AI not merely as an add-on but as a core component of their pedagogical strategies. 

By contrast, institutions in Southeast Asia face a more complex landscape. While national policies 

may support digital transformation in education, the realization of these policies at the institutional 

level often encounters logistical, financial, and human capital constraints. However, the diversity 

within the region also presents opportunities for innovation. Several universities in Malaysia and 

Thailand, for example, have adopted phased approaches to AI integration, focusing initially on 
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analytics and gradually scaling up to more sophisticated adaptive systems. Such models may offer 

practical pathways for other institutions seeking to navigate similar challenges. 

In summary, the reviewed literature underscores that while AI technologies offer significant 

promise in enhancing adaptive learning in higher education, their effectiveness is profoundly 

shaped by contextual variables. The types of AI systems employed, their pedagogical design, and 

institutional conditions all interact to determine educational impact. Moreover, achieving the full 

potential of AI requires not only technological investments but also strategic planning, faculty 

development, and ethical safeguards. These findings inform the subsequent discussion on how 

higher education institutions can responsibly and effectively integrate AI into their teaching and 

learning ecosystems. 

The findings of this narrative review reinforce the prevailing scholarly consensus regarding the 

transformative potential of artificial intelligence (AI) in enhancing adaptive learning within higher 

education. Consistent with previous studies, this review confirms that AI-supported systems, 

particularly those utilizing machine learning (ML), natural language processing (NLP), and learning 

analytics, positively influence academic achievement and student engagement (Lagouri, 2022; 

Chojnowski, 2019; Depta et al., 2021). The personalization facilitated by ML algorithms allows for 

tailored educational experiences, which significantly enhance student motivation and learning 

efficacy. NLP, by enabling conversational agents and intelligent tutoring systems, bridges the gap 

in teacher-student interaction within online and large-scale learning environments, contributing to 

improved conceptual understanding (Appelt, 2024). Learning analytics, on the other hand, 

provides timely feedback mechanisms that help students remain engaged and self-directed in their 

learning trajectories. 

These findings are corroborated by empirical research demonstrating that AI systems improve the 

alignment between instructional content and student learning preferences (Wang, 2022). 

Klimchitskaya (2021) further supports the assertion that adaptive AI applications can significantly 

enhance student performance, especially when the systems are appropriately integrated into 

institutional pedagogical frameworks. Thus, AI technologies not only personalize education but 

also democratize access to quality learning experiences, particularly in scenarios where human 

instructional capacity is limited. 

Nevertheless, the effectiveness of AI deployment is highly contingent upon contextual and 

systemic factors. While institutions in technologically advanced nations have leveraged AI tools to 

scale personalized learning successfully, developing countries face pronounced limitations. This 

review found that infrastructural deficits, lack of institutional preparedness, and insufficient faculty 

training impede effective adoption of AI in higher education settings across regions like Southeast 

Asia (Kasoar et al., 2023; Chojnowski, 2019). These findings align with previous literature 

emphasizing that the success of AI in education is not determined solely by technological 

sophistication but also by organizational readiness and contextual adaptability (Depta et al., 2021). 

A particularly salient insight from this review is the role of systemic barriers in mediating the 

efficacy of AI-based education. Policy-related challenges, such as the absence of clear guidelines 

or supportive governance frameworks, contribute to uncertainty and hesitancy in adopting AI 

innovations. Institutions lacking strategic policy direction often face fragmented implementation 

processes, undermining long-term sustainability (Lagouri, 2022). Chojnowski (2019) notes that 
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policy vacuums can result in limited managerial support, which is essential for scaling educational 

technologies and ensuring institutional commitment. 

Financial constraints are equally critical in shaping institutional capability. This review identified 

that many universities in low-resource settings are unable to invest in the requisite hardware, 

software, and human capital needed to sustain AI systems. Appelt (2024) and Wang (2022) 

underscore that rigid funding structures further hinder innovation, especially in institutions reliant 

on state subsidies or donor support. Without flexible financing models, these institutions struggle 

to implement adaptive learning environments that require continual updates and maintenance. 

Infrastructural readiness—especially in terms of reliable internet access, server capacity, and digital 

learning platforms—emerged as another pivotal determinant. Depta et al. (2021) and 

Klimchitskaya (2021) demonstrate that the absence of robust technological foundations can nullify 

the pedagogical advantages offered by AI systems. Many universities in Indonesia and similar 

contexts operate with inadequate bandwidth and outdated systems, which compromise the 

functionality and responsiveness of AI applications. 

This disparity is stark when comparing the readiness levels of institutions in high-income countries 

versus those in the Global South. Universities in the United States and Europe benefit from mature 

IT ecosystems, extensive research partnerships, and favorable policy climates that promote 

experimentation and rapid iteration of AI tools. In contrast, institutions in Southeast Asia often 

grapple with fragmented infrastructure, policy inertia, and limited human resource capacity 

(Kasoar et al., 2023). These observations highlight the importance of localized approaches that 

consider economic and infrastructural disparities when designing AI integration strategies. 

Addressing these challenges requires not only acknowledgment of existing constraints but also a 

forward-looking framework that leverages policy, institutional commitment, and multi-sector 

collaboration. Literature suggests that government policy plays a central role in facilitating AI 

adoption in education. Lagouri (2022) argues that national strategies explicitly supporting digital 

transformation in higher education can accelerate innovation and resource mobilization. 

Furthermore, policy incentives—such as grants, tax credits, or technical assistance—can catalyze 

institutional investment in AI technologies. 

Capacity-building is another critical enabler. Appelt (2024) and Wang (2022) advocate for the 

systematic training of faculty and administrative personnel in the operational and pedagogical 

dimensions of AI. Developing professional competencies among educators not only enhances 

system utilization but also fosters a culture of technological confidence and innovation. Structured 

training programs, embedded within professional development frameworks, are essential for 

mainstreaming AI in teaching and learning. 

Cross-sector collaboration presents yet another solution to bridge the resource and knowledge 

gap. Partnerships between higher education institutions, technology companies, and government 

agencies can yield synergistic outcomes. For example, educational institutions can gain access to 

cutting-edge tools and technical expertise, while technology providers can benefit from real-world 

feedback to improve product design (Klimchitskaya, 2021). Kasoar et al. (2023) emphasize that 

these partnerships are particularly beneficial in contexts where institutions lack internal research 

and development capacity. 
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Moreover, this review underscores the importance of inclusivity and equity in AI implementation 

strategies. Existing research insufficiently addresses how AI systems can be designed to serve 

underrepresented and marginalized student populations. Chojnowski (2019) calls for policies that 

prioritize inclusive design, ensuring that adaptive learning systems accommodate learners with 

diverse linguistic, cognitive, and socioeconomic backgrounds. Without intentional design and 

deployment strategies, AI risks amplifying existing educational inequalities rather than mitigating 

them. 

Evaluation and monitoring must also be integral to AI adoption in education. Longitudinal studies 

and impact assessments are crucial for understanding the sustained effects of AI on learning 

outcomes, student well-being, and institutional performance. Regular assessment can guide 

continuous improvement, inform policy revisions, and ensure accountability. Despite its promise, 

AI in education remains an evolving field; thus, empirical validation and iterative refinement are 

necessary to align technological potential with educational goals. 

This review also recognizes several limitations in the existing body of literature. First, much of the 

current research is exploratory or cross-sectional, limiting its ability to capture long-term impacts. 

There is a clear need for longitudinal studies that track student progress over extended periods to 

assess sustained learning gains. Second, the overrepresentation of studies from high-income 

countries introduces a geographic bias, restricting the generalizability of findings to low- and 

middle-income contexts. Future research must strive to include diverse geographical settings to 

develop globally relevant insights. 

In addition, many studies focus on the technological architecture of AI systems without sufficiently 

exploring pedagogical integration. Understanding how AI interfaces with curriculum design, 

assessment strategies, and learning environments remains underdeveloped in the literature. This 

gap impedes the development of holistic implementation models that align AI capabilities with 

institutional educational philosophies and objectives. 

Further research should also investigate the ethical dimensions of AI in education, particularly 

concerning data governance, algorithmic bias, and surveillance. These issues are not peripheral but 

central to the legitimacy and social acceptability of AI-powered learning systems. As institutions 

increasingly rely on student data to drive adaptive learning, establishing transparent and 

participatory data policies becomes imperative. 

Finally, stakeholder perspectives—including those of students, faculty, and administrators—

should be systematically integrated into research designs. Participatory approaches can reveal 

nuanced insights into user experiences, barriers to adoption, and contextual needs, which are often 

overlooked in top-down implementation models. Building user-centered AI systems ensures not 

only functional efficacy but also institutional relevance and sustainability. 

 

 

https://journal.idscipub.com/jftii


From Promise to Practice: Systemic Factors Influencing AI Adoption in Higher Education 
Henukh, Khuzaima, Ilmianih 

 

67 | Jurnal Fisika Terapan dan Inovasi Indonesia                                    https://journal.idscipub.com/jftii  

CONCLUSION  

This narrative review has shown that artificial intelligence (AI), particularly through machine 

learning, natural language processing, recommendation systems, and learning analytics, plays a 

transformative role in advancing adaptive learning in higher education. Empirical evidence 

supports that these technologies enhance academic outcomes and student engagement by enabling 

personalized, data-driven instruction tailored to individual learning needs. However, the successful 

implementation of AI in education is deeply contingent upon systemic readiness, especially 

regarding infrastructure, institutional capacity, and supportive policies. 

While institutions in developed countries benefit from favorable technological and policy 

environments, many universities in developing regions, such as Southeast Asia, face challenges 

including limited internet infrastructure, underdeveloped digital ecosystems, and insufficient 

faculty training. These barriers not only slow the adoption of AI tools but also risk exacerbating 

educational inequalities. To address this, the study reaffirms the urgency for cross-sector 

collaboration, government-supported funding models, and inclusive policy frameworks that 

ensure equitable access to educational technologies. 

Recommendations for future research include longitudinal studies that assess the sustained impact 

of AI on learning, exploration of inclusive AI design that accommodates diverse learners, and 

deeper investigation into ethical dimensions like data governance and bias mitigation. Institutions 

should also prioritize faculty development, infrastructure investment, and regular evaluation 

mechanisms to ensure effective and responsible AI integration. Without such comprehensive 

approaches, the promise of AI to democratize and personalize education will remain unrealized, 

particularly in the contexts where it is needed most.  
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